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1. Proportional Reporting Ratio (PRR)

2. Bayesian Confidence Propagation Neural
Network (BCPNN)

3. Gamma-Poisson Shrinker program (GPS)

4. Empirical Bayes Geometric Mean (EBGM)
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81,862 11,407 1,192
PRR 44% | 99%| 52%| 100%| 29% 98%
BCPNN 45%| 100%| 57%| 100%| 21%| 100%
GPS 26%| 100%| 33%| 100%| 12%]| 100%
EBGM 44%| 98%| 48%| 100%| 36% 97%

1000
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95%

PRR 16.2 7% 151 71% 19.4 | 15%

BCPNN 0.61| 62% 0.64| 75% 0.60| 39%

GPS 0.55| 62% 059 | 71% 0.53 | 39%

EBGM 147 | 54% 093 | 76% 1.63 | 41%
BCPNN, GPS

EBGM
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EBGM

EBGM=>0.9
EBGM>1.7
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PRR PRR 1.5 19.4 | 52%| 95%
BCPNN BCPNN 0.7 0.6 | 64%| 95%
GPS GPS 0.6 0.5 61%| 93%

EBGM 0.9 1.7 65%| 95%
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40 - 80, 120
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80 120

PRR 39%( 96%| 31% 97%
BCPNN 56%| 96%| 51% 97%
GPS 53%| 96%| 48% 97%
60%| 95%| 55%| 95%
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EBGM>0.9

EBGM>1.7
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